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Automated Behaviour 
Analysis (ABA)

The use of technology to detect and observe 
the behaviour of animals—collecting data, 
perhaps even continuously and in real time 
and at the level of the individual—in ways 

that require minimal human labour

Siegford et al., 2023



The Technological Revolution

Sensors Machine Learning
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So why does ABA 
underperform?



The Ethogram Problem
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The Data Bottleneck

ABA intends to reduce human labour, 
yet its current development depends on 

vast amounts of manual annotation

See also: Nasser 
& Kasper, 2026
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Failure of GeneralisationSee also: Pastell 
et al., 2025
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So how can we 
move forward?



Ethogram
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See also: Egnor & 
Branson, 2016
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BLACK BOX
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Instead of this:

Liu et al. 2025



Does model output allow 
meaningful biological inference?

Biological 
Validation

Christensen et al. 2025
models with ‘low’ standard 

metrics can still be powerful for 
hypothesis testing

test simple hypotheses that we 
know a priori to be supported in 

our study system 



Other paths

federated 
learning

semi- and self-
supervised learning

probabilistic 
methods 



Take-Home

accuracy biological 
meaningfulness

black box human-in-the-loop



Thank You!

icons from flaticon.com

stijn.brouwers@teagasc.ie
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